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For the acetaminophen PBPK model, the posterior distributions of the
most sensitive parameters of the acetaminophen PBPK are close than
those obtained with MCMC, but obtained 20 times faster due to the
improved mixing of the chain mixing and assured convergence.

We improve the simulated tempering Markov Chain Monte Carlo
(TMCMC) algorithm of Geyer & Thompson (1995) to automatize it. We
then reap its advantages: faster convergence; sampling from complex
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